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Introduction 

In the ever-evolving digital landscape, businesses are increasingly reliant on advanced technologies to 
remain competitive. One of the most transformative technologies in recent years is artificial intelligence 
(AI), which has revolutionized various business processes, including customer service, supply chain 
management, and marketing (Paschek et al., 2017). Among its many applications, AI’s role in dynamic 
pricing has emerged as one of the most significant and disruptive innovations in the e-commerce sector 
(Yang et al., 2022). Dynamic pricing, defined as the strategy of adjusting prices in real-time based on 
demand, competition, and other market factors, allows businesses to optimize their pricing strategies to 
maximize revenue while meeting consumer expectations (Kopalle et al., 2023). With the integration of AI, 
this process has evolved to become highly efficient, enabling companies to analyze vast amounts of real-
time data and adjust prices instantaneously. The combination of AI with real-time analytics has made 
dynamic pricing more responsive and profitable, giving businesses a significant competitive edge in 
today’s data-driven economy. 

In the e-commerce industry, where pricing plays a crucial role in consumer purchase decisions, AI-
powered dynamic pricing offers the ability to enhance revenue optimization, customer lifetime value 
(CLV), and overall customer satisfaction (Bertsimas & Perakis, 2006). Companies like Amazon, Uber, and 
Airbnb have successfully leveraged AI for dynamic pricing, adjusting prices based on real-time supply and 
demand factors, competitor pricing, and customer behaviour (Gazi et al., 2024). For instance, Uber's surge 
pricing mechanism uses AI to adjust fares based on demand levels in a given area, ensuring that the 
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company can match supply with demand while maximizing revenue. Similarly, e-commerce platforms 
frequently adjust product prices in response to changes in consumer demand, competition, and inventory 
levels. While large-scale companies have been quick to adopt AI-driven dynamic pricing strategies, small 
and medium-sized enterprises (SMEs) are still exploring how to effectively implement such systems due 
to challenges like limited resources, data availability, and market dynamics.  

 
Background of the Study 

The e-commerce industry has witnessed unprecedented growth over the last decade, driven by increased 
internet penetration, the rise of mobile commerce, and the global shift towards online shopping. According 
to recent studies, global e-commerce sales are projected to exceed $6 trillion by 2024 (Vyas et al., 2023), 
highlighting the immense potential of this sector. However, this rapid growth has also intensified 
competition, compelling businesses to adopt innovative strategies to attract and retain customers. Pricing 
remains a key differentiator in e-commerce, directly influencing consumers' purchasing decisions. 
Traditionally, companies used static or fixed pricing models, which failed to account for real-time market 
conditions or customer behaviour, often leading to suboptimal revenue generation or missed opportunities 
(Borenstein et al., 2002).  

The advent of AI and machine learning technologies has fundamentally transformed how businesses 
approach pricing. By processing real-time data, such as consumer purchasing patterns, inventory levels, 
competitor pricing, and external factors like seasonality, AI algorithms can dynamically adjust prices to 
meet demand while optimizing profit margins. AI-powered dynamic pricing systems offer several 
advantages, including increased sales, enhanced customer satisfaction, improved inventory management, 
and higher overall profitability (Chen & Chen, 2015). Despite these advantages, many smaller e-commerce 
platforms struggle to implement AI-driven pricing strategies due to barriers such as the high costs of AI 
systems, limited access to large datasets, and a lack of expertise in data analytics (Vyas et al., 2023).  

The existing literature on dynamic pricing primarily focuses on large corporations and their use of AI 
to optimize pricing strategies (Dash et al., 2019). However, there is limited research exploring how small 
and medium-sized e-commerce platforms can benefit from AI-powered dynamic pricing, particularly in 
environments where competition is high and resources are limited. Moreover, while the technical aspects 
of dynamic pricing have been well-explored (Javanmard & Nazerzadeh, 2019), there is a gap in 
understanding how consumer behaviour, market conditions, and external factors moderate the 
effectiveness of these pricing strategies. This research aims to investigate the role of AI in powering real-
time analytics for dynamic pricing in the e-commerce sector, with a focus on both large and small 
businesses. 

 
Research Gap 

Despite the significant advancements in AI and its applications in dynamic pricing, several critical gaps 
remain in the current body of knowledge. First, while large corporations like Amazon and Uber have been 
extensively studied in terms of their use of AI for dynamic pricing, there is a lack of empirical research on 
how small and medium-sized e-commerce enterprises (SMEs) can implement AI to optimize their pricing 
strategies (Vyas et al., 2023). SMEs face unique challenges, such as limited access to resources, smaller 
datasets, and less sophisticated technological infrastructure, making it difficult for them to fully leverage 
AI. Therefore, understanding how AI can be adapted to the specific needs and constraints of SMEs is crucial 
for expanding the application of dynamic pricing across the e-commerce industry. 

Second, existing research has largely focused on the economic and technical aspects of AI-powered 
dynamic pricing, such as profit optimization and pricing algorithms. However, there is a limited 
exploration of how consumer behaviour interacts with AI-driven pricing decisions (Basal et al., 2024). 
Understanding how customers respond to dynamically adjusted prices in real time and how factors like 
price sensitivity and purchase patterns influence AI pricing outcomes is critical for businesses aiming to 
balance profitability with customer satisfaction.  

Finally, while real-time analytics powered by AI has become a key component of dynamic pricing, 
there is a lack of comprehensive studies that investigate how businesses can effectively harness real-time 
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data to make pricing decisions. Most studies have focused on predictive models or rule-based pricing 
systems, which do not fully utilize the capabilities of AI for continuous, real-time adjustments (Basal et 
al., 2024). This research aims to address these gaps by providing empirical evidence on the effectiveness 
of AI-powered real-time analytics for dynamic pricing in the e-commerce industry, with a particular focus 
on SMEs. 

 
Research Objectives 

The primary objective of this research is to investigate the role of AI-powered real-time analytics in 
optimizing dynamic pricing strategies in the e-commerce sector. Specifically, the study seeks to explore 
the impact of AI-driven pricing on key performance indicators such as revenue, profit margins, customer 
satisfaction, and inventory management. By examining the relationship between AI-powered analytics and 
pricing effectiveness, the research aims to provide insights into how e-commerce businesses, both large 
and small, can maximize their pricing potential in highly competitive environments. 
 
Research Questions 

To address the research objectives, this study will focus on the following key research questions: 

RQ1. How does AI-powered real-time analytics impact the effectiveness of dynamic pricing strategies in 
e-commerce, particularly in terms of profitability and customer satisfaction? 

RQ2. How do customer behaviour, including purchase patterns and price sensitivity, influence the 
outcomes of AI-driven dynamic pricing in the e-commerce industry? 

So, it could be stated that this study provides empirical evidence on the effectiveness of AI-driven 
pricing strategies, offering practical insights for e-commerce businesses looking to implement or improve 
dynamic pricing models powered by AI. 
 
Literature Review 

AI-Powered Real-Time Analytics and Dynamic Pricing Effectiveness 

The application of artificial intelligence (AI) in real-time analytics has significantly advanced the field of 
dynamic pricing, particularly in the e-commerce sector. Dynamic pricing, as a strategy, involves the 
continuous adjustment of prices based on real-time market data, including factors like demand 
fluctuations, competitor pricing, and customer behaviour (Mageshkumar et al.,  2024). The integration of 
AI into this process allows businesses to leverage vast amounts of data to optimize pricing strategies in 
real time (Garbarino & Lee, 2003), leading to improved revenue management and customer satisfaction at 
longer run. 

Research studies have also shown that AI-powered dynamic pricing systems can significantly enhance 
pricing effectiveness by making more accurate and timely pricing decisions than traditional methods. For 
instance, Chen and Folly (2022) highlight that AI algorithms, through machine learning and predictive 
analytics, can identify patterns in customer behaviour and market trends that would be impossible for 
humans to detect. This capability enables businesses to respond to market changes instantly, thereby 
maximizing profits and maintaining competitive pricing. 

However, the effectiveness of AI-powered dynamic pricing is not uniform across all business types. 
Larger e-commerce firms, such as Amazon and Walmart, have successfully implemented AI-driven pricing 
strategies due to their access to vast datasets and sophisticated technological infrastructure (Kumar et al., 
2024). These companies have the resources to continuously update their pricing models based on real-
time data, leading to a significant competitive advantage. On the other hand, small and medium-sized 
enterprises (SMEs) often struggle with implementing such systems due to resource constraints, limited 
access to high-quality data, and the high cost of AI (Garbarino & Lee, 2003). 

Existing literature has also emphasized the importance of customer-centric AI models in dynamic 
pricing. According to Thandekkattu and Kalaiarasi (2022), dynamic pricing strategies that are solely 
focused on profit maximization can lead to customer dissatisfaction and loss of loyalty if not carefully 
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managed. AI-powered systems that incorporate customer feedback and behavioural data into pricing 
decisions can help mitigate these risks by ensuring that prices are perceived as fair and justified by 
customers (Mageshkumar et al., 2024). This customer-centric approach is crucial in maintaining long-
term customer relationships and ensuring the sustainability of dynamic pricing strategies. Based on the 
above discussion, the following is hypothesized: 

Hypothesis 1: AI-powered real-time analytics positively impacts the effectiveness of dynamic pricing 
strategies in the e-commerce sector, leading to higher profitability and customer satisfaction. 
 
Customer Behavior and AI-Driven Dynamic Pricing 

Understanding customer behaviour is crucial for the successful implementation of AI-driven dynamic 
pricing. Customer behaviour, including purchase patterns and price sensitivity, plays a significant role in 
how dynamic pricing strategies are perceived and accepted by consumers (Faris & Batra, 2024). AI systems, 
through machine learning algorithms, can analyze historical data on customer purchases, browsing 
behaviour, and response to price changes to predict future behaviour and adjust prices accordingly. 

One of the key aspects of customer behaviour that influences dynamic pricing is price sensitivity. Price-
sensitive customers are more likely to respond to price changes, making them a primary target for dynamic 
pricing strategies (Nunan & Di Domenico, 2022). AI systems can segment customers based on their price 
sensitivity, allowing businesses to tailor pricing strategies to different customer segments. For example, a 
customer who frequently searches for discounts may be offered a lower price, while a customer with a 
history of purchasing premium products may be less price-sensitive and, therefore, subject to higher 
prices. 

Research has also explored the psychological aspects of dynamic pricing, particularly the concept of 
price fairness. Consumers may perceive frequent or significant price changes as unfair, leading to negative 
outcomes such as decreased customer satisfaction and brand loyalty (Quan et al., 2019). AI systems that 
incorporate behavioural economics principles can help mitigate these risks by ensuring that price changes 
are gradual and justified, thereby maintaining customer trust. 

Another important consideration is the impact of AI-driven dynamic pricing on customer loyalty. While 
dynamic pricing can optimize revenue in the short term, it can also lead to customer churn if not carefully 
managed (McMurtrey & Kasowaki, 2023). AI systems can address this issue by incorporating loyalty 
programs and personalized offers into pricing strategies, thereby balancing short-term revenue 
optimization with long-term customer retention. Based on the above discussion, the following is 
hypothesized: 

Hypothesis 2: Customer behaviour, including purchase patterns and price sensitivity, moderates the 
relationship between AI-driven dynamic pricing and its effectiveness in the e-commerce industry. 
 
Moderating Factors: Market Competition Intensity and Product Type 

The effectiveness of AI-powered dynamic pricing is also influenced by external factors such as market 
competition intensity and product type. In highly competitive markets, businesses are under constant 
pressure to adjust prices in response to competitors’ actions, making real-time pricing adjustments crucial 
for maintaining market share (Chen et al., 2023). AI systems can provide businesses with a competitive 
edge by continuously monitoring competitor prices and adjusting their own prices accordingly. 

Research has shown that the intensity of market competition can significantly impact the success of 
dynamic pricing strategies. In markets with low competition, businesses have more flexibility in setting 
prices, as there is less pressure to match competitors’ prices (Moro-Visconti et al., 2023). However, in 
highly competitive markets, even small price differences can lead to significant shifts in customer demand, 
making real-time pricing adjustments essential. 

Product type also plays a crucial role in determining the effectiveness of AI-driven dynamic pricing. 
For instance, products with high demand elasticity, such as consumer electronics, are more suitable for 
dynamic pricing strategies, as small price changes can significantly influence demand (Kopalle et al., 2023). 
On the other hand, products with low demand elasticity, such as luxury goods, may not benefit as much 
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from dynamic pricing, as consumers are less responsive to price changes. This discussion leads towards 
the following hypothesis: 

Hypothesis 3: Market competition intensity and product type moderate the relationship between AI-
powered real-time analytics and the effectiveness of dynamic pricing strategies. 
 
Methodology 

Research Design 

This study employs a quantitative research design to investigate the relationship between AI-powered 
real-time analytics and the effectiveness of dynamic pricing strategies in the e-commerce sector. The 
research is cross-sectional, collecting data at a single point in time, which is ideal for identifying 
correlations and testing hypotheses related to AI implementation and pricing effectiveness. This study uses 
a deductive approach, testing hypotheses derived from existing literature to explore how AI-driven pricing 
impacts profitability and customer satisfaction and how customer behaviour and market competition 
moderate this relationship. 
 
Population 

The target population for this study comprises e-commerce businesses that use or are in the process of 
adopting AI-powered dynamic pricing systems. This includes businesses from various industries, such as 
consumer electronics, apparel, and consumer goods that frequently adjust prices based on market and 
customer data. These businesses are ideal for studying the effectiveness of AI in dynamic pricing due to 
their reliance on flexible pricing strategies and data analytics. 
 
Sample Selection 

A sample of 200 e-commerce business staff is selected for this study. This number is sufficient to capture 
diverse business sizes (small, medium, and large) and industry types while still being manageable for data 
collection and analysis. The sample is drawn using stratified random sampling, where the businesses are 
categorized based on their size (small, medium, and large enterprises) and the industry they operate in 
(e.g., consumer electronics, apparel, consumer goods). This stratification ensures that the study captures 
the variation in how AI-powered dynamic pricing is used across different business contexts, providing a 
comprehensive understanding of its effectiveness. 

The chosen sample size balances practicality and statistical power, ensuring that the data is robust 
enough to perform reliable analyses while keeping the study focused and manageable. With 200 
participants, the study can produce meaningful insights into the factors influencing dynamic pricing across 
various industries. 

 
Data Collection Tool 

The primary data collection tool for this study is a structured questionnaire specifically designed to 
measure the following key variables: 

1. AI-Powered Real-Time Analytics: This section assessed how businesses use AI to adjust prices based 
on real-time data. It will cover the frequency of price changes, the types of data used (e.g., competitor 
pricing, customer behaviour), and the perceived effectiveness of the AI systems. Items are adapted 
from the framework developed by Lee and Monroe (2008) on dynamic pricing. 

2. Dynamic Pricing Effectiveness: Questions in this section evaluated the outcomes such as profitability, 
revenue growth, and customer satisfaction resulting from the implementation of dynamic pricing 
strategies. The items were drawn from the work of Suresh et al. (2023) on pricing effectiveness. 

3. Customer Behavior: This section measured the customer responses to price changes, their price 
sensitivity, and purchase behaviour. Items are adapted from the work of Kumar et al. (2019) on 
customer behaviour and pricing strategies. 

4. Market Competition Intensity: Questions in this section captured the level of competition businesses 
face, with a focus on how quickly and frequently they must adjust prices in response to competitors. 
This section used items from Markopoulos and Hosanagar (2018). 



Muhammad Awais 

104  Qlantic Journal of Social Sciences (QJSS) | Volume 5, No. 3 (Summer 2024) 
 
 

The questionnaire utilized a Likert scale (e.g., 1 = strongly disagree, 5 = strongly agree) to measure 
perceptions and behaviours, making it easy to quantify and analyze the data. The tool was pre-tested on a 
small group of e-commerce professionals to ensure clarity and reliability before being distributed to the 
full sample. 
 
Data Collection Method 

Data was collected using online surveys, which were distributed to managers and business owners of e-
commerce companies via email and professional networks (e.g., LinkedIn, industry groups). The online 
format ensures convenience and accessibility for respondents while also enabling broad geographical 
coverage. To encourage participation, respondents will be offered a summary of the study's findings as an 
incentive. 

In addition to primary data collected through the survey, secondary data on market competition and 
business performance were gathered from publicly available industry reports and databases (e.g., Statista, 
market research publications). This secondary data supplemented the primary survey data, providing 
additional context for understanding the competitive pressures businesses face. 

 
Data Analysis  

Data were analyzed using SPSS software, which is well-suited for conducting statistical tests and 
regression analyses. The following steps guided the analysis procedure: 

1. Descriptive statistics provided a summary of the sample’s characteristics, such as company size, 
industry type, and levels of AI adoption in dynamic pricing. 

2. Reliability and validity testing provided data about Cronbach’s alpha, which is used to assess the 
internal consistency of the questionnaire items and ensure the reliability of measurements for AI-
powered analytics, dynamic pricing effectiveness, customer behaviour, and market competition. 

3. Correlation analysis explored the relationships between the key variables, particularly focusing on 
the impact of AI on dynamic pricing effectiveness. 

4. Multiple regression analysis was used to test Hypothesis 1, examining the effect of AI-powered real-
time analytics on dynamic pricing effectiveness. Additional regression models with interaction terms 
tested Hypotheses 2 and 3, assessing how customer behaviour and market competition moderate this 
relationship. 

5. Hypothesis testing: A significance level of 0.05 is used to determine whether the relationships 
between variables are statistically significant, allowing for the acceptance or rejection of the 
hypotheses. 

The results helped address the research questions and support or refute the proposed hypotheses. 
 
Descriptive Statistics 

Descriptive statistics give an overview of the sample data for each variable, including mean and standard 
deviation. 
 
Table 1 

Descriptive statistics 

Variable Mean Standard Deviation Min Max 
AI-powered real-time analytics (X1) 3.80 0.92 1 5 
Dynamic pricing effectiveness (Y)    4.10 0.75 2 5 
Customer behavior (X2)               3.50 0.88 1 5 
Market competition intensity (X3) 3.90 0.95 1 5 

 
The mean value for AI-powered real-time analytics is 3.80, indicating moderate use of AI in dynamic 
pricing decisions. Dynamic pricing effectiveness shows a higher mean value of 4.10, suggesting that firms 
perceive their dynamic pricing strategies as largely effective. Customer behaviour has a mean of 3.50, 
reflecting moderate price sensitivity, while market competition intensity has a mean of 3.90, indicating 
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that competition varies among the firms surveyed. These descriptive statistics offer a basic understanding 
of the data distribution and variability among the key variables in this study. 
 
Correlation Analysis 

The correlation matrix below demonstrates the relationships between the variables. The strength and 
direction of each relationship are indicated by correlation coefficients (r-values). 
 
Table 2 

Correlation analysis 

Variable 
AI-powered real-
time analytics (X1) 

Dynamic pricing 
effectiveness (Y) 

Customer 
behavior (X2) 

Market 
competition 

intensity (X3) 
AI-powered real-time 
analytics (X1) 

1.00 0.65 -0.10 0.45 

Dynamic pricing 
effectiveness (Y) 

0.65 1.00 -0.25 0.50 

Customer behavior (X2) -0.10 -0.25 1.00 -0.15 
Market competition 
intensity (X3) 

0.45 0.50 -0.15 1.00 

 
The results indicate a strong positive correlation (r = 0.65, p < 0.01) between AI-powered real-time 
analytics and dynamic pricing effectiveness. This suggests that companies utilizing AI for pricing decisions 
tend to achieve more effective dynamic pricing outcomes. Customer behaviour has a moderate negative 
correlation with dynamic pricing effectiveness (r = -0.25, p < 0.01), implying that price-sensitive 
customers may undermine the effectiveness of AI-driven pricing. Lastly, market competition intensity 
positively correlates with both AI-powered analytics (r = 0.45, p < 0.01) and dynamic pricing effectiveness 
(r = 0.50, p < 0.01), indicating that more competitive environments benefit from AI-driven pricing 
strategies. 
 
Regression Analysis 

Regression analysis was performed to test the direct and moderating effects of AI-powered real-time 
analytics on dynamic pricing effectiveness. Table 3 summarizes the results of the multiple regression 
analysis. 
 
Table 3 

Regression analysis 

Predictor B Standard Error t-value p-value Significance 
AI-powered real-time 
analytics (X1) 

0.45 0.07 6.43 0.000 Significant 

Customer behavior (X2) -0.20 0.08 -2.50 0.013 Significant 
Market competition intensity 
(X3) 

0.35 0.09 3.89 0.001 Significant 

Interaction (X1*X2) -0.15 0.05 -3.00 0.005 Significant 
Interaction (X1*X3)                 0.20 0.06 3.33 0.002 Significant 

 
The regression results indicate that AI-powered real-time analytics (X1) has a significant positive impact 
on dynamic pricing effectiveness (B = 0.45, p < 0.001), supporting Hypothesis 1. This finding implies that 
businesses that integrate AI into their pricing strategies achieve greater pricing effectiveness. Customer 
behaviour (X2) shows a significant negative moderating effect on this relationship (B = -0.15, p < 0.05), 
confirming Hypothesis 2. This suggests that in cases where customers are highly price-sensitive, the 
positive impact of AI on dynamic pricing is weakened. Lastly, market competition intensity (X3) 
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significantly moderates the relationship between AI-powered real-time analytics and dynamic pricing 
effectiveness (B = 0.20, p < 0.01), supporting Hypothesis 3. This result implies that firms operating in more 
competitive environments derive greater benefits from AI-powered pricing strategies, further enhancing 
their pricing effectiveness. 

These results indicate that AI plays a crucial role in improving dynamic pricing effectiveness, but its 
success depends on customer behaviour and market competition. Specifically, firms targeting price-
sensitive customers must adapt their AI strategies to maximize effectiveness, while firms in competitive 
markets can leverage AI to achieve greater pricing success. 
 
Discussion 

The results of this study offer valuable insights into the effectiveness of AI-powered real-time analytics 
in dynamic pricing, particularly in competitive markets and with varying levels of customer price 
sensitivity. The primary objective of this research was to examine how AI-driven pricing systems influence 
dynamic pricing effectiveness and to explore the moderating roles of customer behaviour and market 
competition intensity. The findings align with the research objectives and address the research questions 
posed. 

First, the analysis demonstrates that AI-powered real-time analytics has a strong positive effect on 
dynamic pricing effectiveness, supporting Hypothesis 1. This suggests that the integration of AI in pricing 
decisions leads to more efficient and effective pricing strategies. The findings corroborate existing 
literature on AI's capability to process vast amounts of real-time data and predict optimal price points 
more accurately than traditional methods (Kopalle et al., 2023). The ability of AI to dynamically adjust 
prices based on market conditions and consumer demand explains the significant relationship between AI 
adoption and pricing success. This supports the research question about the direct effect of AI on dynamic 
pricing, confirming that AI is a valuable tool for businesses seeking to enhance their pricing efficiency. 

Second, Hypothesis 2 proposed that customer behaviour, particularly price sensitivity, would moderate 
the relationship between AI-powered analytics and dynamic pricing effectiveness. The results indicate that 
when customers are more price-sensitive, the positive impact of AI on pricing effectiveness diminishes. 
This finding is in line with studies that highlight how customer reactions to dynamic pricing depend on 
perceived fairness and value (Alderighi et al., 2022). Businesses need to consider customer segments when 
deploying AI-driven pricing strategies. For price-sensitive customers, frequent or significant price 
fluctuations might lead to dissatisfaction, which can counteract the benefits of AI's precision in price 
optimization. Therefore, firms must carefully balance AI-driven price changes with customer expectations, 
providing transparency and ensuring perceived fairness. 

Finally, Hypothesis 3 explored the role of market competition intensity in moderating the effect of AI-
powered analytics on dynamic pricing effectiveness. The results reveal that AI-powered analytics is more 
effective in highly competitive markets, supporting the hypothesis. This finding highlights that in 
competitive industries, businesses are under more pressure to optimize pricing strategies in real time to 
maintain a competitive edge (Zamani et al., 2022). The ability of AI to continuously monitor and respond 
to competitors' pricing strategies enables businesses to remain competitive by adjusting their prices more 
efficiently than those relying on traditional pricing methods. Consequently, companies in fiercely 
competitive industries should prioritize the adoption of AI-powered analytics to outperform rivals. 
 
Implications of the Study 

The study has several practical and theoretical implications. From a practical perspective, the findings 
suggest that businesses, especially in competitive industries, should invest in AI-powered analytics to 
enhance dynamic pricing strategies. The positive impact of AI on pricing effectiveness is clear, but the 
success of these strategies depends on customer characteristics and market dynamics. For businesses 
targeting price-sensitive customers, the challenge lies in using AI to adjust prices without alienating 
customers. As AI becomes more prevalent in pricing systems, companies should also consider transparency 
and communication strategies to ensure customer trust and acceptance. 
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Theoretically, this study contributes to the growing body of research on AI applications in business 
operations. It provides empirical evidence for the role of AI in enhancing pricing decisions, particularly in 
dynamic markets. Additionally, the study introduces important moderating variables—customer 
behaviour and market competition—that influence the effectiveness of AI-powered pricing systems. This 
enriches the understanding of how contextual factors shape the outcomes of AI implementation in pricing. 
 
Conclusion 

In conclusion, this study demonstrates that AI-powered real-time analytics significantly improves 
dynamic pricing effectiveness. However, the success of these systems is contingent on market conditions 
and customer behaviour. While businesses in competitive environments benefit greatly from AI-driven 
pricing strategies, companies targeting price-sensitive customers must be mindful of how frequent or 
abrupt price changes might impact customer satisfaction. The findings suggest that AI is a powerful tool 
for optimizing pricing decisions, but its application must be carefully tailored to specific market and 
customer conditions to maximize its benefits. As AI continues to evolve, businesses that adapt to these 
emerging technologies will have a distinct advantage in optimizing pricing strategies in real time. 
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