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Abstract: As the digital landscape evolves, the importance of artificial intelligence (Al) continues to receive
unprecedented attention, forcing companies to look for innovative solutions to improve consumer engagement.
With growing competition, businesses have turned to Al-driven strategies to improve their marketing success.
The transition to this new era of marketing is achieved through Al and machine learning-based resources that
can help alter customer behavior. This research focuses on the current state of digital marketing with respect to
integrating Artificial Intelligence (Al) to strengthen consumer experience with personalized engagement and
drive brand loyalty. A quantitative survey was conducted among 225 participants, and data were analyzed via
structural equation modeling (SEM) to examine the relationships between Al integration, personalization,
consumer engagement, and brand loyalty. Results indicate that the adoption of artificial intelligence
personalization has a clear impact on customer experiences, as well as intensifying consumer engagement
and encouraging long-term brand loyalty. Findings underscore the need to strategically utilize Al in digital
marketing to drive individual customer experience, enhance retention, and drive competitive advantage inthe
marketplace. This has some real-world implications that businesses ought to try out more ethical and
explainable Al where possible (and where it has proven effective) to provide transparency through marketing
utilities and ultimately improve brand performance-through transparency.

Key Words: Artificial Intelligence, Digital Marketing, E-commerce, Consumer Behavior, Online
Customer Experience, Personalization, Data Analytics

Introduction

Artificial Intelligence (AI) has drastically changed the world of digital marketing by providing
organizations the opportunity to analyze a huge amount of consumer data and offer them personalized
experiences. Marketing messages that cut through the clutter are just a click away, as modern consumers
anticipate communication in line with their personalized interests, which increasingly rely on Al
(Davenport et al., 2020; Gentsch, 2019; Wedel & Kannan, 2016). This transition will not just streamline
operations, but it will also inspire strategic innovations in marketing that can lead to a better end product
and overall improve the brand image (Chaffey & Smith, 2022).
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Personalized consumer experiences have become a key ingredient to reach modern customers.
Analytics-based, Al-oriented tools allow businesses to customize content, recommendations, and
communications based on the analysis of behavioral data and user preferences (Davenport et al., 2020;
Huang & Rust, 2021). This increases the relevancy of marketing efforts, helps consumers gain trust, and
leads to an improved customer journey (Kietzmann et al, 2018). In addition, using dynamic
personalization can help reconcile traditional generic marketing techniques with the individualized
expectations of the new digital consumer (Lemon & Verhoef, 2016).

Building on top of the personalized experiences, elevating consumer engagement is of immense value
in driving long-range brand loyalty. The existing research suggests that customer engagement and brand
loyalty are stronger when consumers believe that their marketing activities are specific/targeted to them
with tailored messaging (Gentsch, 2019; Huang & Rust, 2021). The model of this study proposes that Al
incorporation ultimately drives consumer personalization experiences that lead to elevated consumer
engagement, which combines to improve brand loyalty. Moreover, there are direct pathways from Al
integration to brand loyalty, reflecting how significantly AI can shape consumer perceptions and influence
their overall behavior (Lemon & Verhoef, 2016).

However, even though AI has been adopted rapidly in digital marketing, there is a gap in the literature
regarding the overlapping influences of Al-driven personalization on consumer engagement from the
customer perspective. This study seeks to bridge this gap by proposing a holistic chain model that assesses
the effects of Al integration on brand loyalty. Therefore, while this research contributes to academic
knowledge, it also provides practical knowledge for marketers to help them implement responsible and
effective Al strategies that improve customer experiences and attain sustainable competitive advantages
(Wedel & Kannan, 2016; Chaffey & Smith, 2022).

Literature Review

Al is one of the main revolutionary technologies in the changing digital marketing landscape, especially in
terms of improving personalization to increase consumer engagement, loyalty, and marketing
performance. Utilizing machine learning algorithms combined with predictive analytics opens a whole new
world of examining immense amounts of consumer data that allows for personalized marketing content
to be delivered instantly, thus increasing customer satisfaction and developing a stronger bond between
the brand and the customer (Rajalakshmi 2024). With an ability to generate personalized product
recommendations and targeted advertising, AI-driven personalization has a profound impact on consumer
purchase decisions and satisfaction levels (Patil, 2024). Al-based marketing automation has been shown
to empower decision-making, elevate campaign success, and promote customer retention (Islam &
Rahman, 2024), as evidenced by relying on research. Nonetheless, businesses need to overcome ethical
challenges regarding data privacy and transparency since over-reliance on Al-based customization could
heighten customer concerns about data security and consent (Ameen et al., 2021).

With the advent of digital marketing and AI, conversational agents in the form of AI chatbots have
emerged, providing on-demand personalized customer support. Through interactive and engaging
experiences, these technologies not only increase service efficiency but also intensify the relationship
between brands and consumers (Gao et al., 2023). Furthermore, predictive analytics powered by Al allows
brands to predict consumer preferences and deliver content based on the needs of individuals, which, in
turn, helps engage consumers and build their trust (Islam & Rahman, 2024). Additionally, market analysts
who utilize Al to gain insights into consumers can develop dynamic marketing campaigns that increase
consumer response as well as strengthen brand loyalty (Rajalakshmi, 2024). On the other hand, the
increasing sophistication of Al presents challenges for businesses as they navigate the fine balance between
personalization and privacy, ensuring consumers still feel empowered to control how their information is
used in AI-driven marketing (Ameen et al., 2021).

Theoretical Foundations

Technology Acceptance Model (TAM)

The Technology Acceptance Model (TAM) is a theory that describes how consumers adopt and use new
technologies. To define what will determine the intention of an individual to interact with technology, TAM

312 Qlantic Journal of Social Sciences (QJSS) | Volume 6, No. 1 (Winter 2025)



The Impact of AI-Driven Personalization on Consumer Engagement and Brand Loyalty

states two major elements in this regard: perceived usefulness and perceived ease of use (Davis, 1989).
This is where the concept of value and ease of usage comes in; in marketing driven by AI, consumers are
more willing to accept personalization driven by Al if it is beneficial to them and easy to engage with,
resulting in more engagement and more trust (Venkatesh & Davis, 2000). According to a study conducted
by Gao et al. (2023), personalization strategies leveraged by Al positively influence consumer acceptance,
particularly when they contribute to greater convenience and efficiency in the customer experience. On the
other hand, the usefulness of Al-based marketing tools does not automatically promote its adoption
because it might lack transparency and raise privacy concerns (Ameen et al., 2021).

Unified Theory of Acceptance and Use of Technology (UTAUT)

The Unified Theory of Acceptance and Use of Technology (UTAUT) followed a few such models and worked
on better understanding intuitive technology acceptance, including TAM. The model outlines four core
determinants influencing user behavior: performance expectancy, effort expectancy, social influence, and
facilitating conditions (Venkatesh et al., 2023). UTAUT in Relation to AI-Driven Digital Marketing: UTAUT
helps explain perceived Al-generated content, chatbot interactions, and other AI applications , such as
recommendation systems, in the context of AI-driven digital marketing. AI tools that improve perceived
efficiency and align with consumer expectations fuel higher engagement and loyalty (Islam & Rahman,
2024). However, data security and algorithmic bias concerns can serve as obstacles to their adoption,
leading brands to put transparency in Al-driven marketing at the forefront (Gao et al., 2023).

Relationship Marketing Theory

Morgan & Hunt (1994) presented Relationship Marketing Theory, which posits that the best way to retain
customers and build a sustainable competitive advantage is through trust, engagement, and personalized
relevance, which will help in long-term relationships between neither brands and consumers. Al in
marketing brings relationship marketing to life by facilitating ultra-personalized information, predicting
consumer needs, and keeping constant communication (Gao et al., 2023). Al chatbots increase customer
engagement by designing personalized interactions that are functional, interactive, relevant, convenient,
and smooth (Islam & Rahman, 2024). Nonetheless, as Al technology grows, consumer trust is crucial, and,
therefore, brands should manage how they use (or misuse) personalization efforts responsibly (Ameen et
al., 2021).

Hypotheses Development

Hi: Al Integration in Digital Marketing Positively Influences Personalized Consumer Experiences

Al is transforming digital marketing through hyper-personalized consumer experiences. These machine-
learning systems leverage big data techniques to assess consumer behavior and predict consumption
patterns, enabling marketers to create personalized strategies that are in line with specific consumer
preferences (Gungunawat et al., 2024). Just as the marketing application of Al makes it easier to provide
personalized and responsive services, improving customer satisfaction and loyalty (Prasanthi et al., 2024).
Al provides a broad framework for Al's influence in business, but one such area includes marketing, where
Al algorithms not only allow businesses to forecast consumer preferences but also to provide tailored
solutions for various products (Chen & Prentice, 2024).

H2: Personalized Consumer Experiences Positively Influence Consumer Engagement

One of the major ways that businesses are working to establish deeper relationships with consumers is
through personalized marketing strategies. With the advent of Al, organizations are now equipped with
sophisticated tools that can analyze consumer behavior, preferences, and buying patterns to a granular
level, allowing them to provide customized experiences that are relevant to individual consumers
(Prasanthi et al., 2024). Al-driven marketing has demonstrated its capacity to revolutionize consumer
engagement by enabling new levels of insight, personalization, and efficiency (Yoo, 2024). You need to
combine Al with technologies of personalized recommendations, chatbots, etc., which can further improve
customer satisfaction and brand loyalty with consumers (Ifekanandu, 2023).
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H3: Consumer Engagement Positively Influences Brand Loyalty

Personalized marketing strategies increase brand loyalty by enhancing consumer engagement. Thus, the
introduction of Artificial Intelligence in delivering personalized and customized experiences enables
organizations to build long-term relationships with customers for business growth in the digital age (Patil,
2024). Al technology plays a critical role in increasing consumer engagement in marketing strategies and
allowing brands to connect more deeply with consumers, revolutionizing the prospect of brand success
through intelligent marketing (Ahmad et al., 2022). Hence, it is hypothesized that higher consumer
engagement, which is the result of personalized marketing strategies, positively affects brand loyalty
(Rather et al., 2018).

H4: Al Integration in Digital Marketing Positively Influences Brand Loyalty

With the rise of Al-backed solutions, businesses are now able to leverage the power of convenience not
only to reach their audience but to offer them personalized and responsive services (Prasanthi et al., 2024).
Digital marketing personalization powered by AI has been found to improve customer satisfaction, increase
brand loyalty, and create a competitive advantage (Steffi et al., 2024). For businesses willing to evolve with
Al, their marketing strategy is functional in aiding them in the journey of nurturing relationships with
their customers, and building up their brand loyalty, thus leading to sustainable growth in the digital age
(Ifekanandu, 2023).

H5: Personalized Consumer Experiences Positively Influence Brand Loyalty

Al-enabled marketing strategies help to create a personalized consumer experience which has been proven
to increase user satisfaction and motivate brand loyalty (Steffi at el., 2024). Using artificial intelligence to
provide personalized experiences can help businesses maintain strong ties with consumers, and achieve
sustainable growth (Patil, 2024). Hence, it is assumed that personalized consumer experiences have a
positive impact on brand loyalty (Gungunawat et al., 2024; Haghighinasab et al., 2024).

Figure1
Conceptual Framework (Chen & Prentice, 2024; Ifekanandu, 2023; Ahmad et al., 2022; Haghighinasab et al.,
202/4)

Brand Loyalty
\x
® %
T
Ul
Hi H2
Al Integration Personalized Experience —— | Consumer Engagement

Conceptualization

The conceptual model of the study shows the relationship between Al integration in digital marketing,
personalized consumer experience, consumer engagement, and brand loyalty. This study builds upon the
existing body of knowledge on machine learning, predictive analytics, and consumer engagement by
highlighting the potential of Al technologies (e.g., machine learning and predictive analytics) to better
analyze consumer behavior and provide more personalized experiences, resulting in improved consumer
engagement and brand loyalty (Jarek & Mazurek, 2019). Personalization made possible by artificial
intelligence (AI) leads to increased customer engagement and increased customer involvement, which
leads to greater brand loyalty. Likewise, the use of Al in digital marketing influences brand loyalty by
providing more personalized and responsive services (Glindiizyeli, 2024). For marketers who want to
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leverage Al to better their relationships with consumers and set their brands up for success, it’s time to
get ahead with these interconnected areas.

Methodology

Research Design

This study employ cross-sectional quantitative research design to examine the impact of Artificial
Intelligence integration into digital marketing on personalised customer experience, engagement and
brand loyalty. A crosssectional research design is used because the data was acquired when it was
occurring, at a point in time to capture consumers perception (Saunders et al., 2019). The quanitative
approach is appropriate to test hypothesized relationships (Creswell & Creswell, 2022). The use of similar
methodologies has been applied in previous research on digital marketing and the impact of Al integrated
personalized experiences on consumer attitudes and behavioral outcomes (Karami et al., 2024; Haleem et
al., 2022).

Data Collection and Sampling Approach

A structured questionnaire was used to obtain responses from 225 participants through an online
survey. A purposive approach was adopted to focus on individuals with prior experience of Al-based
digital marketing strategies. This reclassification ensured that all participants at least had some exposure
to personalized digital campaigns driven by Al or machine learning, thus delivering a better-quality
response to the study. Furthermore, the research was aided by the use of a screening question, which was
deployed by asking respondents if they were digitally active in any space in the last six months where Al
is being actively used for personalization, therefore improving the study findings' validity. This approach
is consistent with methods employed in similar research (Omeish et al., 202/; Rabby et al., 2021). The
survey was created using Google Forms and was distributed on social media networks and platforms like
Facebook and LinkedIn to individuals who are somewhat experiencing digital marketing trends. The
responses of the items were collected through a five-point Likert scale with (1 = Strongly Disagree and 5
= Strongly Agree); this type of scale had been commonly used in previous consumer behavior-related
research because of its reliability and interpretation had been widely reported (Hair et al., 2019). Also, upon
literature review, validated items from previous studies (Haghighinasab et al., 2024; Ifekanandu, 2023;
Ahmad et al., 2022; Rather et al., 2018; Chen & Prentice, 202/) were used to validate the questionnaire and
were verified by research and field experts of marketing.

Reliability and Validity Tests

Cronbach’s Alpha, Composite Reliability (CR) & Average Variance Extracted (AVE) were used for examining
reliability and validity for the measurement model. A value higher than 0.70 for Cronbach's Alpha indicates
an acceptable level of reliability; the values CR and AVE must also exceed 0.70 (CR) and 0.50 (AVE) to
confirm construct validity (Fornell & Larcker, 1981; Hair et al., 2019). These were helpful for ensuring that
the constructs used are both reliable and valid for SEM analysis in relation to this study.

Data Analysis

The collected data from questionnaire was then analyzed using PLS-SEM in SmartPLS 3, a well-known
computer application of SEM in marketing research to explore and confirm interconnections between
latent variables is extensively reported (Hair et al., 2021). To evaluate the significance of path coefficients,
bootstrapping with 5,000 resamples was conducted which provided a estimations for hypothesis testing
(Sarstedt et al.,, 2021). Moreover, a path diagram was presented as a visual representation of the
relationships between variables.

Results and Findings

Descriptive Analysis

The data was obtained from 225 valid respondents. A diverse range of the population was targeted to
ensure representatives across ages, levels of education, and employment statuses. The screening question
confirmed that participants were familiar enough with digital platforms, since the present study
investigates Al integration into digital marketing (Rabby et al., 2021).
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Table 1
Demographic Profile of Respondents

Variable Categories Frequency (n=225) Percentage (%)
20 or below 26 11.6
20-30 112 49.8

Age 31-40 76 33.8
41-50 8 3.6
50 or above 3 1.3
Male 137 60.9

Gender Female 88 39.1
College or Less 32 14.2
Bachelors 114 50.7

Education Level Master 70 31.1
MPhil 8 3.6
PhD 1 0.4
Student 95 42.2
Self-Employed 20 8.9

Employment Status Employed 97 431
Unemployed 1 4.9
Retired 2 0.9

Most of the respondents identify as younger individuals especially in the age group of 20—40 years. Given
that younger people are more present on the digital spaces where digital platforms where AI-driven
marketing strategies are prevalent. Additionally, a substantial proportion of respondents held at least a
bachelor's degree, reflecting a well-educated sample. The employment status data also show that many of
the participants were students or employed in a professional capacity, indicating a sample which likely
encompasses active consumer communities in digital spaces (Rabby et al., 2021).

Reliability and Validity Analysis

Reliability and validity tests were performed to examine the internal consistency and construct validity of
the measurement model. Reliability was assessed using Cronbach’s alpha, and Composite Reliability (CR),
whereas the Average Variance Extracted (AVE) was used to evaluate convergent validity. The results are
detailed in Table 2.

Table 2

Reliability and Validity Analysis
Construct Cronbach’s Alpha (CR) (AVE)
Al 0.905 0.905 0.762
BL 0.900 0.900 0.749
CE 0.882 0.883 0.715
PE 0.847 0.849 0.653

All constructs showed a high reliability (i.e., Cronbach’s Alpha and Composite Reliability > 0.7) with a high
internal consistency (Hair et al., 2019). The AVE values for all constructs were above the minimum
acceptable level of 0.5, thus confirming adequate convergent validity (Fornell & Larcker, 19081).

Further the study asses discriminant validity using the Heterotrait-Monotrait ratio of correlations
(HTMT) criterion. HTMT values less than the recommended cutoff value of 0.85 (Henseler et al., 2015)
suggest that constructs in the measurement model are empirically distinct. Table 3 shows the results.

Table 3
Heterotrait-Monotrait Ratio (HTMT) Analysis
Construct Al BL CE PE
Al
BL 0.753
CE 0.796 0.852
PE 0.798 0.803 0.844,
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As all HTMT values were below the threshold of 0.85 except one, this confirms that the constructs possess
discriminant validity (Henseler et al., 2015). The maximum HTMT value is between both, Consumer
Engagement (CE) & Brand Loyalty (BL) is 0.852. Although it slightly surpassed the 0.85 threshold it is still
within an acceptable range since Hair et al. (2021) recommend HTMT values of 0.90 or less as being
acceptable in studies related to theoretically overlapping constructs.

Structural Equation Model (SEM)

To test the hypothesized relationships, a SEM was performed using a bootstrapping method with 5,000
resamples, to test the significance of the path-coefficients. Table 4 reports on the outputs such as path
coefficients, standard deviations, t-statistics and p-values.

Table 4

Significance of Path coefficients
Path Original Sample (O) Sample Mean (M) (STDEV) T Statistics P Values
Al -> BL 0.292 0.294 0.08 3.671 0.000
Al -> PE 0.789 0.789 0.03 26.604 0.000
CE -> BL 0.517 0.515 0.081 6.386 0.000
PE -> BL 0.613 0.614 0.042 14.433 0.000
PE -> CE 0.777 0.777 0.032 24.647 0.000

All path coefficients were found to be statistically significant at p < 0.001, as indicated by the high t-
statistics and low p-values. The results confirm that Al integration in digital marketing significantly
influences personalized consumer experiences (H1: g = 0.789, p < 0.001), which in turn positively affects
consumer engagement (H2: 8 = 0.777, p < 0.001). Furthermore, consumer engagement has a strong positive
effect on brand loyalty (H3: g = 0.517, p < 0.001), while personalized consumer experiences directly enhance
brand loyalty (H5: B = 0.613, p < 0.001). Al integration also has a direct but relatively weaker effect on brand
loyalty (H4: B = 0.292, p < 0.001) compared to the indirect effects through personalized experiences and
engagement (Nitzl., 2016).

Figure 2
SEM Model of the Study
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N
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All Al2 E3

Coefficient of Determination (R2)

To evaluate the explanatory power of the structural model, the R* values were assessed. R* (Coefficient of
Determination) represents the proportion of variance in the dependent variable explained by the
independent variables, with higher values indicating stronger predictive accuracy (Hair et al., 2021). The
results are presented in Table 5.
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Table 5

Coefficient of Determination (R?)
Construct R2 Adjusted R2
BL 0.908 0.906
CE 0.800 0.799
PE 0.806 0.805

The calculated R? value is 0.908 for brand loyalty (BL), showing that 90.8% of the variance in brand loyalty
can easily be explained through Al integration, personalized experiences, and consumer engagement; thus,
the presumption is that the model has high explanatory power. In similar fashion, Al integration accounts
for 80.6% of the variance in personalized experiences (PE) and personalized experiences account for 80.0%
of the variance in consumer engagement (CE). The adjusted R? values also are close to R? values that both
reaffirm the model’s stability and predictive relevance (Raithel et al., 2012). These findings suggest that
Al-powered tailored experiences greatly influence consumer engagement, and this engagement needs to
be further channelled into building brand loyalty.

Hypothesis Testing Summary
All hypotheses were found to be statistically significant. Table 6 presents the hypothesis testing results.

Table 6

Hypothesis Testing Results
Hypothesis Path Result
H1 Al > PE Supported
H2 PE > CE Supported
H3 CE -»> BL Supported
H4 Al > BL Supported
Hs PE > BL Supported

These results are highlighting the importance of the role of Al-driven personalized experiences and
consumer engagement in fostering brand loyalty, reinforcing the theoretical foundation of the study.

Discussion

The finding of this study confirms that Al integration in digital marketing is imperative for improving
personalized experience which subsequently translates to more engagement from the consumers and thus,
enhances brand loyalty. The results do align well with the current literature that suggests the impact of
Al-driven tailoring in present-day marketing methods (Chen & Prentice, 2024; Ifekanandu, 2023).

The key to generating better customer experiences is how much consumer data can be analyzed by Al
and how interactive the experiences can be tailored (Chen & Prentice, 2024). Everyone wins when
businesses can personalize campaigns to their end-users; consumers get relevant messaging, and brands
get higher conversions. These findings are similar to findings from Ifekanandu (2023) , which showed that
artificial intelligence positively affects customer experience and that Personalization is a mechanism
involved in this relationship.

Moreover, the influence of personalized consumer experiences on consumer engagement has been
confirmed, a result that is also consistent with previous literature (Haghighinasab et al.,, 2024).
Personalization bolsters the consumer-brand relationship by establishing trust and producing an engaging
customer experience., a relationship that previous research upholds as well (Ifekanandu, 2023).
Personalization is important because it tightens the relationship between consumer and brand, creating
trust and making the customer journey interactive. Haghighinasab et al. (2024) found that E-customer
Relationship Management (E-CRM) and reputation help build consumer satisfaction, which improves
engagement and loyalty.

Additionally, consumer engagement was found to be a significant predictor of brand loyalty,
supporting the results by Ahmad et al. (2022) and Rather et al. (2018). Thus, these studies also indicate
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that engaged consumers demonstrate significantly greater emotional commitment, culminating in
enhanced loyalty to the brands, which substantiates the findings of Ahmad et al. (2022). The studies
indicate that engaged consumers are more involved emotionally with the brands they purchase from the
brand, which naturally manifests into greater loyalty. The results of this study are consistent with these
insights and demonstrate that active participation among consumers leads to long-term relationships
with brands.

This further confirms the direct implication of artificial intelligence integration on brand loyalty,
followed by the findings of Ifekanandu (2023) and theoretical propositions. Predicting and improving
customer retention: Al-based strategies like service quality, interaction quality, and seamless experiences
encourages recommends and enhance customer retention (Ifekanandu, 2023). Leveraging AlI,
organizations can devise strategies for increased customer retention through improved quality of service,
optimized interaction, and seamless experiences. In the field of digital marketing, these results are
significant as Al allows companies to create stronger links with customers and alter how the brand, its
product, service, marketing messaging, and more are perceived.

Finally, Personalization builds consumer trust, and customers are more likely to be loyal to brands
that cater to their individual needs, according to a study by Haghighinasab et al. (2024). This insight is
essential for marketers seeking to cultivate long-term customer relationships with personalized, AI-
optimized hybrid experiences.

Conclusion

The findings show empirical evidence suggesting the integration of Al in digital marketing as a relevent
influencer on personalized consumer experiences, engagement and brand loyalty. Al technology allows
businesses to fine-tune their marketing efforts so that consumers receive relevant, impactful interactions.

This research makes a theoretical contribution in terms of the establishment of AI-driven models for
marketing validity, strengthening the interrelationship among AI, personalization, engagement, and
loyalty. The current study serves as an extension to the existing literature as it shows how AI enhances
customer experience through personalization and engagement, thereby resulting in higher brand
attachment. However, business-wise, the utilization of artificial intelligence with respect to social
marketing to maintain existing customers should rank first. Al tools can analyze consumer behavior,
predict preferences, and generate hyper-personalized marketing campaigns. Moreover, transparency and
ethical AI development can be key differentiators, allowing companies to earn consumer trust and
confidence.

Results confirm that Al-based personalization is central in contemporary consumer-brand
relationships. Adapting to Al Technologies Businesses can enhance engagement, strengthen brand loyalty,
and deliver meaningful experiences to customers in the digital world by getting familiar with new Al
technologies.

Limitations & Future Research Directions

Although we have presented important findings, this study is subject to some limitations that should be
considered. Data were collected through self-reported survey data, which could introduce social
desirability bias and common method variance (Podsakoff et al., 2003). Future research may use
experimental designs or longitudinal data collection to inform more causal inferences.

Second, one limitation of this study is that it only focused on Al integration in digital marketing in a
very broad context to a general consumer and did not separate the approach among specific industries or
specific Al applications. Given that Al-powered personalization is not equally effective in all domains,
future studies may investigate this on an industry level, especially in e-commerce, financial services, and
healthcare (Dwivedi et al., 2021).

Third, although the study sample was considered to be diverse, the demographic analysis suggests
that it was mostly years younger consumers. Additionally, younger consumers tend to be more tech-savvy
and receptive to Al-enabled personalization, and so the results may not be fully generalizable to older
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groups or those with low digital literacy (Gursoy et al., 2019). Future studies should focus more on age
factors in Al acceptance and brand loyalty.

Last but not least, this research was carried out in one cultural and regional context only, which could
limit its applicability in cultural settings with differing consumer attitudes towards Al and personalization.
Ultimately, such cross-sectional style comparisons may be helpful for understanding the influence of AI-
based marketing practices on consumer behavior across different geographic contexts (Hofstede, 2001).

However, it needs to be understood that the current research has certain limitations and can only
provide a sound basis for future research and practical implications within the Al-enabled personalized
experience, consumer engagement, and brand loyalty realm.
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